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- The classification of problem statement by field using the Random Forest —
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Abstract: In this study, we are considering how to improve the learning motivation of the learner. For this purpose, it is

necessary to classify the problem statements to provide an appropriate problem for the level of the learner. We propose a
method that can be classified by field the problem statement using the Random Forest is a kind of machine learning.
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Fig1. Configuration of the discriminator by Random Forest 4
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Table2. Classification rate string A, B, and C
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A) JUHEE (%] 6125(49) 7250(58)  78.75(63)
B) 47l [%]  6625(53) 7750(62) 8250 (66)
C) H¥zE [%]  6500(52) 7250(58)  78.75(63)
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