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Study on High Speed Network Community Extraction Method and its Performance.
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Abstract: From the fact that SNS has a big data, it is difficult to extract the valid community in a short period of time and acquire the
characteristics of the community by the mathematical treatment. In this study, we have proposed high speed network community
extraction method using a two-stage clustering in the SNS. In addition, we examined its effectiveness by the case studies using the

Twitter data and computational complexity.
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