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Pattern recognition model of Multivalued Image using hardware neural networks
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Abstract: Recently, it is important to apply ability of human brain to engineering. Using synapse model which is
dependent on spike timing of cell body model (STDP), we constructed pattern recognition model of binary images.
The constructed model is lack of color information. In this paper, using synapse model which is dependent on spike
timing and spike frequency of cell body model (TSTDP), we constructed pattern recognition model of multivalued
images. As a result, we found the constructed model can recognize multivalued images.
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Fig.3 Pattern Recognition model applying of Multivalued Image
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Fig.4 Learning data and recognition data
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