T 28 £ BAKRFHEIZF

G-26

T4—T5—=

o5 FTEES TR

V7 & BERRE

Image recognition by deep learning

Abstract; Recently, deep learning (DL) has played a central role in the field of artificial intelligence.
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In particular, DL has

achieved rapid and dramatic advancements in the image and speech recognition areas of study. Modern devices, such as

smart-phones or tablet PCs, also benefit from such advancements.

In this paper, we focus upon a convolutive neural network

(CNN) and DL applied to image recognition tasks and report some simulation results.
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4. CNN[4]
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