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Exchange Traded Funds price prediction model using Long Short Term Memory networks
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Abstract- Al programs have been thrust out of their theoretical environments and into the low-cost
exchange traded funds market. Deep Learning is appealing for learning from large amounts of
unsupervised data, making it attractive for extracting meaningful representations and patterns from big
data. In this study, | used deep learning to constructed two ETF (Exchange Traded Founds) price
prediction model (multi model and rolling model) which used LSTM (Long Short Term Memory)
algorithm and TensorFlow. The topic of this report is to examine and analyze 18 different ETF through
a LSTM deep-model learning system. The simulated results will be compared with the actual fund. Up

to two models will be tested for their accuracy to the actual fund results.
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Figure 2 The Multi model and The Rolling
model
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Rp: Real price, Fp: Forecast price
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Figure 3 learning resources

3. 1. Multi model D FRIFKER L A%

Multi model ® SN BIELNTZT T
ZIFEMADE STt KRB RS &,
BOO—H EZAOTHRERIZEROT
— X LITWER, AN LRERNAICE
A S, EMENKIEIZRED Z & B5h
Sz, FORRTT—ZOEFHII LR -
MolZDT, —ODWRENREESTD,
PeoloT — X IXEMHMIE->ThoTLED.
ZDOFETIVITERFM O TFRENIZAEW TR
WS Z L EHENT D,

T 55 45(0.513.100%)

1.5

1
0
1 2 3

ENO.001 mNO.002 mNO.003 mNO.004

Figure 4 The point of prediction model
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Figure 5 The point of prediction model
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