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Shape Recognition of Electromagnetic Scatterers Using Machine Learning
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Abstract: With the aim of assisting shape recognition of objects and so on by the current radar system, the shape of the scatterers from

electromagnetic wave scattering data can be predicted by machine learning. This report is to process corresponding scattering data of

normal shape, which is obtained through numerical analysis, into machine learning model through Al development platform, by which

the shape recognition of electromagnetic can be performed.
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