SHTEE AARFEIFR PHHESTH
G-1
BREFORRER EORE

-FEFBERAVE=ARY bOT S LMHIE-

Improvement of Recognition Rate of Bone-conducted Speech

-Spectrogram Correction using Deep Learning-
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Abstract: Demand for speech recognition using bone-conduction microphone with excellent environmental noise reduction is expected

in the future. However, the accuracy of bone-conducted speech recognition using a speech recognition model for air-conducted speech

is low. In this report, we study the improvement of recognition accuracy by learning the correction of bone-conducted speech and air-

conducted speech using deep learning, and evaluate our method through experiments.
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Table 1. Used equipment
Compan
pany Product name
name
Mic W Air-conduction microphone

(1456 Microphone) '+
Bone-conduction microphone
(EN21N-Tip)

H6 Handy Recoder

Microphone
Temco Japan

IC recorder ZOOM
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Figure 2. Proposed model

Table 2. Recognition Result
Air-conducted | Bone-conducted | Reference | Proposed
speech speech model model

Validation

RMSE 6.9891 6.9921

Test

Perfect 95 40 63 67
Correct[%]
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Figure 3. Spectrogram Comparison(Speak : “irogami”)
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