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Traffic Volume Measurement using Object Detection by Deep Learning
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Abstract: A traffic jam in developing countries has become serious and has developed into various social problems. The purpose of

this study is to measure traffic volume with high accuracy. This information is necessary to reduce traffic volume. In this paper, we

studied the method of detecting vehicles by deep learning, tracking vehicles based on the results, and measuring traffic volume using

tripwire.
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Table 1. Dataset
class name number of objects

auto-rickshaw 1946
two-wheeled

vehicle 12638

bus 5695

car 31278

truck 7620
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Figure 1. Tripwire
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Table 2. Comparison of measurement results
auto- two-
bus | car |truck | all
rickshaw | wheeled
ground
575 976 90 | 340 6 | 1987
truth
predict 559 975 80 | 321 | 181 | 2116
error
. 2.78 0.10 11.1 | 5.59 | 2920 | 6.49
ratio[ %]
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