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A Study on Face Detection and Face Segmentation using End-to-end Model
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Abstract: The purpose of this research is to create an End-to-end model for object detection and multi class segmentation, which are

new tasks in image recognition. In this report, we study the creation of an End-to-end model for face detection and facial part

segmentation.
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Figure 3. Result image

Table 1. IoU of face detection and facial part segmentation

Detection Segmentation
Faster Our SegNet Our
R-CNN | Architecture Face [Architecture
loU 0.559 0.537 face 0.796 0.799
processing .
time 0.047 0.108 hair 0.669 0.551
eye 0.513 0.196
nose 0.646 0.606
mouth 0.565 0.498
hat 0.493 0.067
glass 0.272 0.007
background 0.949 0.400
meanloU 0.613 0.390
protcierzns:mg 0.026 0.108
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