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Vehicle Classification using data from Vehicle Detector
Observing the vehicle classification accuracy by changing threads in AdaBoost

Abstract: We are studying the vehicle classification using
vehicle detector data with aiming at advance of vehicle
detector in ETC. We have proposed the method for vehicle
classification by combining features extracted from vehicle
detector data, using Boosting algorithm, AdaBoost. In this
report, changing higher and lower limits of threads in
AdaBoost, we observed the transition of the vehicle
classification accuracy.
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Fig.1. An example of binary image.
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Table 1. Detail of dataset.

HfE = fLgiil Al INE SN
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Table 2. Results of the vehicle classification experiment.[%

Bl | # ) R | PR | OROM | KRR | R
A | 99.12]99.60 | 95.26 | 97.79 | 97.91 | 98.62
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