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Evaluation of Supervisory Data Selection Method and Generalization Performance for Liver Cancer Extraction from

Abdominal CT Images Using Deep Learning

Abstract: In the case of extracting hepatocellular carcinoma
(HCC) location using U-Net, we suggest that the performance
of generalization of it can be improved by selecting mainly

images close to circular shape for training.
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Figure 1.Relationship between HCC shape complexity and
mean loss over the test data set.
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