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Seismic Performance of Existing Retaining Walls Using Deep Learning Method

Results with Open-Ended Programs
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Abstract: In recent years, “Al” is expected to solve the shortage of human resources and improve productivity in the construction

industry. On the other hand, it has been reported that many old retaining walls have been damaged in great earthquakes in the past.

Therefore, an evaluation method for the seismic resistance of residential retaining walls is expected for the purpose of national resilience.

As the first attempt, we tried to detect cracks and drainage holes in a retaining wall using open-ended programs of deep learning method

in this paper. The results confirmed that the use of the existing learning model can be used to detect drainage holes and cracks, however,

some of false detecting were identified. In the future, we need to collect big data on residential retaining walls and incorporate new

algorithms.
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Figurel. Schematic diagram of a neural network
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(2) Examples of false detections

Figure 2. Drain hole detection results

Concrete retaining wall

Block retaining wall
Figure 3. Retaining wall crack detection results
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