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A Study on High-Precision Automatic Extraction of Leaf Regions Using Al Image Recognition

OB L, Tl 2
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Abstract: This paper describes a system that enables quantitative quality assessment by automatically extracting leaf regions of

ornamental plants using Al image recognition. We proposed machine learning-based approach, Mask R-CNN, to detect the reasons ,

As a result, the effectiveness of the proposed method was confirmed.
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Figurel. Characteristic of Calendula officinalis
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(@) Color Reduction image (b)Enlarged image

Figure2. Color Reduction results
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Figure3. Example of Calendula officinalis
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