SM7 EFE

F1-20

HAKFIETFER

FiiFESTIRE

3 RITZRHIBHERIZH 1+ 5 3D Gaussian Splatting FiED HLEEE(H

Comparative Evaluation of 3D Gaussian Splatting Methods for Three-Dimensional Spatial Reconstruction
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Traditionally, SEIM/MVS has been widely used as a technique for generating 3D models from multiple photographs. However, in recent

years, with advances in machine learning technology, various new techniques have been developed. Among these, 3D Gaussian

Splatting (3DGS) has gained attention. It represents objects using overlapping Gaussian ellipsoids instead of the conventional mesh or

point cloud representations. While numerous tools capable of handling 3DGS have already been released, research comprehensively

evaluating the differences in their output quality remains insufficient. Therefore, this paper conducts a qualitative evaluation of the

3DGS profiles available in PostShot and organizes the characteristics of each algorithm.
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Table 1.The 3DGS profiles evaluated
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Figure 1. Data generated by each 3DGS algorithm
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