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Development of a Prompt Analysis Tool for Generative AI Programming
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Abstract: The rapid spread of large language models (LLMSs) such as ChatGPT has transformed software development practices. A

notable trend is vibe coding, where Al generates code and developers concentrate on design and refinement. While this approach

promises efficiency, it raises concerns regarding code quality, maintainability, and the decline of programming skills. To investigate

these issues, we developed a tool that collects prompts and outputs during Al-assisted development for systematic analysis. This

paper introduces the tool and discusses its potential to support research and education on the practical implications of vibe coding.
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Table 2. Score metrics and summary
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Figure 1.System flowchart
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Figure 2.System configuration
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Figure 3. Generative Al Service Interface
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Figure 4. Data Transmission Interface

7. SROREE
AWFFETIL, ERL AL G L7 7 b7 = T BIFEIC
BNT, a7 MUEE G Z RIS oY — Lz
BHFE L7z, A8%1%, BEWICH EHREIR A ED 5.

BETIE, Fror MEgeRE b5 &
T, R AL 2GR LIZBEIROBGE, 7a 7 b
st b0 52 BT, Hdiim T, e b
D HEHTHRE L PR RE AR L, BITEE BE D
BTGNSO TR IR~ RS EL 2 Lz AfET.
8. ZEICHk
[1] Christian Meske et al.:“VibeCoding as a Reconfiguration
of Intent Mediation in Software Development: Definition,
Implications, and Research Agenda”, arXiv preprint,
2507.21928, 2025.



