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A Development of an Automatic Generation System for Training—Purpose Targeted Emails
Using Simple Markov Chains and Recurrent Neural Networks.
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Abstract : The purpose of this study is to demonstrate that automatically generated training emails can support organizations in

conducting effective targeted email training. In this paper, we developed automated email generation systems based on a simple

Markov chain and a recurrent neural network. Functional tests confirmed that both systems successfully generated training-targeted

email texts.
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Table. 1 LSTM model parameters

NFA=4% BERE e

Ahi=rv2E |4 EFILHEERT ZEEOHER
[maxlen]
Ea-vE e B
[len{unigue_waords)]
LSTM2 = & |128
[units]

FRT—-FZOPTHET 32— LHEOH
LSTMOENBO = 21— OV H(EERERICHE)
H 1B DELEEE | softmax

FiEL 7L YU X L |[RMSprop(Ir=0.01)
[optimizer]

ROPFEDFEE HNT S H DM
EXEEHTETILIVIL

HEBEH Categorical_crossentropy | 7 3 27 HIORETHET SR
[loss]

FEEH 1L EnEHTRE EFLOEHERDIETER
[epochs]

Ny FHa X 128 —EICET T4

[batch_size]

5. BEEET A b

FEATIFSE CTIERR L7 BRI A — VLB A8 7
— 2L LT, i~ a 7@ W AT AL,
FlRil=a—I 3%y NT—27 W=V AT Ok
HET A M &EATo 7Bl FARTFIEICRIT HHEHRET A 1
TIE, FET—ZThD AR A —/L3CE 280
Z, TXANZ7ANEXTIRELT, Yus70%
FAT L7z, B, THifl=a—F 0%y NU—2 % H
WA AR A — L BEVAERL S AT &) TiE, £
AR % JIEE R X — L OYID D 4 AR, HIEE
LA — iz o) TsiikEs) o) -
T) &L, F=EE¥E 1000 A1 UCTAEREZIT- 7. 1%
BT A NTCIE, FET7T— 220U, EFICHIEAE
PRI A — VB R C& D 2 & ZfEs L

6. fEREELE

Figure 1 (ZHifli~ L2 7% HWCTHER LT A —
JVICEEOF], Figure 2 [Pl =2 —TF Ky hU—72
ZRWTAER LT A=V LTEOH 2R
ZNENOIHAENE A —/VABAER Y AT KT
BT, EFICHHMAENER A — Va2 AR5 2 R
T&EZ. ZIRLORERND, THHi~ /Lo 7 @A v
T AR T A — VBBV AT A BEOY TH
SRRl = 2 — TRy 8T —7 % BT IR AR R A
—/VHBVER Y AT A IFERICHZ Y D EWVZD.

15,

BEAAEXES MBEOEAEHTENY LTL
EREN-BRESCRY MbotC LARMY
& LEAERAONGA S 1F 0. FHiY %
Z DA — LI H SN T BELELIK & EIRI
LT. BtHRESEOBLET,

> TOEXBEICAA LT, BE Y OMBER
YRNBERE THHLEDE CEE L,

-~

Figure 1. Email text generated using a simple Markov chain.
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Figure 2. Email text generated using a recurrent neural

network.
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