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Study of an Al Model for Intraoral Mandibular Dentition Images for Identification in Large-Scale Disasters
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Abstract: Identification during large-scale disasters is a critical task. When identification based on physical characteristics or
personal belongings is impossible, dental records are used for identification. This method involves comparing dental charts
taken before death with those after death to make identifications. However, creating and comparing dental charts is a manual

process that places a significant burden on personnel. Therefore, | believe that digitizing part of this process can reduce this
burden. In this study, | achieved tooth type identification using YOLO based on mandibular dentition images.
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Figure 1. Image simulating the deceased's oral cavity
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Figure 2. Inference results from an Al model created from

2D camera images
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Figure 3. Inference results for simulated images of the

deceased's oral cavity
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