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Construction of Skeleton-based Action Recognition Model using Set Autoencoder and Transformer
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Abstract: At university, some students hesitate to enter a laboratory, sometimes, they loiter in front of a door. In this study, we equip a

security camera in front of a laboratory, detect student behavior, and construct a system which notifies members when a visitor arrives.

In this paper, we propose a skeleton-based action recognition model which can adapt to multi-person action by combining a pose

estimation model, a Set Autoencoder, and a Transformer. We evaluate the proposed method using the UCF101 dataset.
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Figure 1. A Schematic diagram of Skeleton-based model
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Figure 2. Loss curve of Set Autoencoder

Figure 3. Loss curve of Transformer
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