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Abstract: In recent years, advances in generative Al have dramatically improved the accuracy of deepfakes technology that alters
human faces and voices to create convincing fakes. When developing detectors for deepfakes, utilizing deep learning with large
datasets enables feature extraction from generated images that are difficult for humans to discern. Furthermore, through retraining,
it becomes possible to adapt to evolving manipulation techniques. This report describes a method to expand the adaptability of a
transfer-learned deepfake detection model. This is achieved by gradually adding new training data: original images, real images

of multiple individuals not previously trained on, and deepfake-manipulated images, one person at a time.
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