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Proximal gradient methods for nonsmooth multiobjective optimization.
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Abstract: This study optimizes a multi-objective function whose components are determined by the sum of smooth and non-

smooth convex functions. Previous research assumed Lipschitz continuity for the gradient of each smooth function. They

constructed an algorithm to search for Pareto stationary points of the objective function and performed a convergence analysis

of the method. In this study, we introduced a line search into this method which guarantees to find a weakly Pareto optimal

points of the objective function even when the gradient is not Lipschitz continuous.
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