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Numerical methods for the diffusion equation and the law of conservation of mass
OWREZE ",
*Mana Naito'
Abstract:  We consider the one-dimensional diffusion equation with Neumann boundary conditions. We then derive the

forward and backward difference schemes and discuss the conservation of mass from both a theoretical and numerical per-

spective. Finally, two numerical examples are presented to study whether mass is conserved in the computations.
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